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5.3 Gulf of St. Lawrence

Figure 8 show 
19GHz (V-H) of the Gulf of St. Lawrence observed on March 1, 
2015. The distribution of the data also suggests the possibility 
of applying the same algorithm to the Gulf of St. Lawrence
same with Bering Sea,  the parameter 
changed from 245K to235K.
T2=300K. Figure 
the AMSR2 sea ice concentration image 
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